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AVF conducts Radio Shows, where
they conduct social-demograhic
studies in a question - response
manner, to understand the needs of
the local inhabitants and different
groups of society. After collecting

responses via sms, they prepare the
data with a pipeline like system for
further analysis. This pipeline includes
labeling

On this poster, the process of coming

from a raw answer to a correctly

labeled attribute value is shown via the
Attribute.
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Codav2 Codeby scheme message  Continuoussoming | Nextpage oded

YesINo Reason
Schome. 201014609

Seq | Message
Schome-38c7Ecbi1a0S

5 yes,my neighbour is very sick.

Hot weather
Lack of proper hygiene
Lack clean water

Lack awareness

Lack of free health services
Lack of proper sanitation
Don't want vaccinations
Fancy luana Lack of garbage disposal
Lack of health services
Access to health services
Proper hygiene

Cold weather

. v Yes v
I b yes Clean water

53 yes, we live in an overcrowded camp
54 yes. the statistics data shows there is an increasing potential of this risk.

54 o, because none of my peers have it

54 yes, the water is not clean

v Yes v v Other

NC (not coded)

| -

55 yes, because there are no clean toilets. v][Yes |1 LacK o proper sannavon
w

Procuctue Oter imsica Pancia

v Yes v Lack clean water

56 yes, because the water is not too clean.

Process is repeated for every other attri-
| bute of an individual (e.g.age,
have_voice)
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[
"Data": {

"Source": "/rapid_pro_client.py:407:convert_runs_to_traced_data",

"avf_phone_id": "avf-phone-uuid-ccf8e71f-d4ef-45a5-aaba-4e€12052b594a",

"run_created_on - csap_s04e02_activation": "2019-09-03T07:01:15.998470+00:00",

"run_exit_type - csap_s04e02_activation": "interrupted",

"run_exited_on - csap_s04e02_activation': "2019-09-08T07:00:45.760504+00:00",

"run_id - csap_s04e02_activation": 109106533,

"run_modified_on - csap_s04e02_activation": "2019-09-08T07:00:45.801661+00:00"

"#110",
b " Pipeline Auto-Coder codes operator",
{,‘ " operator_raw => hormud ",

Data": { " -

"operator_coded": { Scheme = fead h / i o
"Checked": false, Project-OCHA/code_schemes/somalia_operator.json
"CodelD": "code-c7b32481",

"DateTimeUTC": "2019-09-25T08:15:50.967015+00:00",
"Origin": {
"Name": "Pipeline Auto-Coder",
"OriginID": "fetch_raw_data.py:45:label_somalia_operator"
)3
"SchemelD": "Scheme-f86cffOb"
"operator_raw": "25261"
}
I8

"Metadata": {
"Source'": "traced_data.py:453:update_iterable",
"Timestamp": 1569399556.874056,
"User": "alexander@africasvoices.org"

"#109",
"GENDER in NestedTracedData",
" Merge raw survey responses obtained from
rapid pro run into avf processing " ,
"#108",
" Analogous to #109",
" Merge second run raw survey responses

b
"NestedTracedData": {
"survey_responses': [

obtained from rapid pro run into avf processing ",

"Data": {
"Age (Category) - csap_sO04_demog": "numeric",
"Age (Name) - csap_sO4_demog": "age",
"Age (Run ID) - csap_s04_demog": 108695963,
(
(

" other attributes than #109

"Age (Text) - csap_s04_demog": "20",

"Age (Time) - csap_s04_demog": "2019-08-25T09:56:58.914269+00:00",

"Age (Value) - csap_sO4_demog": "20",

"District (Category) - csap_s04_demog": "Other",

"District (Name) - csap_sO04_demog": "district",

"District (Run ID) - csap_sO04_demog": 108695963,

"District (Text) - csap_sO4_demog": "asc bahda istaa AFam waadin salaamay waa ... ",
"District (Time) - csap_s04_demog": "2019-08-25T09:52:06.640491+00:00",
"District (Value) - csap_s04_demog": "asc bahda istaa AFam waadin salaamay waa ... ",
"Gender (Category) - csap_sO04_demog": "Male",

"Gender (Name) - csap_sO04_demog": "gender",

"Gender (Run ID) - csap_s04_demog": 108695963,

"Gender (Text) - csap_sO4_demog": "rag",

"Gender (Time) - csap_s04_demog": "2019-08-25T09:55:59.323039+00:00",
"Gender (Value) - csap_sO04_demog": "rag",

"ldp_Camp (Category) - csap_sO4_demog": "No",

"ldp_Camp (Name) - csap_sO4_demog": "idp_camp",

"ldp_Camp (Run ID) - csap_s04_demog": 108695963,

"ldp_Camp (Text) - csap_sO4_demog": "MAYA",

"ldp_Camp (Time) - csap_s04_demog": "2019-08-25T09:57:42.920366+00:00",
"ldp_Camp (Value) - csap_sO4_demog": "MAYA",

"Recently_Displaced (Category) - csap_sO4_demog": "No",
"Recently_Displaced (Name) - csap_sO4_demog": "recently_displaced",
"Recently_Displaced (Run ID) - csap_s04_demog": 108695963,
"Recently_Displaced (Text) - csap_sO4_demog": "maya",
"Recently_Displaced (Time) - csap_s04_demog": "2019-08-25T09:54:55.425793+00:00",
"Recently_Displaced (Value) - csap_sO4_demog": "maya",

"avf_phone_id": "avf-phone-uuid-ccf8e71f-d4ef-45a5-aaba-4€12052b594a",
"run_created_on - csap_s04_demog": "2019-08-25T08:32:50.614369+00:00",
"run_exit_type - csap_s04_demog": "completed",

"run_exited_on - csap_sO04_demog": "2019-08-25T09:57:42.920545+00:00",
"run_id - csap_s04_demog": 108695963,

"run_modified_on - csap_sO4_demog": "2019-08-25T09:57:42.922390+00:00"

}
}
]
}
) "#107",
" Intern enriching of each message with
"Metadata": {

rga_message and show_pipeline_key keys
->to be able to determine which show
each message belongs to",

"Source": "translate_rapid_pro_keys.py:38:set_show_ids"

2 " Messages however aren't shown

in individual data set"
"Data": {

"age_raw": "20",
"age_time'": "2019-08-25T09:56:58.914269+00:00",
"gender_raw'": "rag",
"gender_time": "2019-08-25T09:55:59.323039+00:00",
"have_voice_raw": "HAGE ",
"have_voice_time": "2019-09-09T08:04:04.401231+00:00",
"in_idp_camp_raw": "MAYA",
"in_idp_camp_time": "2019-08-25T09:57:42.920366+00:00",
"location_raw": "asc bahda istaa AFam waadin salaamay”,
"location_time": "2019-08-25T09:52:06.640491+00:00",
"recently_displaced_raw": "maya",
"recently_displaced_time": "2019-08-25T09:54:55.425793+00:00",
"suggestions_raw": "'But she must have a prize herself, you know,’ said the Mouse\n",
"suggestions_time": "2019-09-09T08:10:07.481562+00:00",
"uid": "avf-phone-uuid-ccf8e71f-d4ef-45a5-aa6a-4e12052b594a"

"#106",
"GENDER",
" Inte rn remapping of rapid pro keys
to avf used keys",
" Selected data with new keys is saved
in Data => Selection",
" Keys of both runs in data!"

Ij
"Metadata": {
"Source": "/app/src/translate_rapid_pro_keys.py:135:remap_key_names"

h

"Data": {
"location_raw_id_WS": "b2799698ed3d8..." "#105",
"' we suppose: compute ids
for each key in Data from #106",
"append _WS because there is
no matched Scheme for location_raw_id yet"

h
"Metadata": {
"Source'": "io.py:4l:compute_message_ids"

b
{-}
"Data": {
"gender_raw_id_WS": "a3e690053061793bbl2ad4c32aace5856f57f16..." g7
b "GENDER,
"Metadata": {

"gender_raw_id_WS"
"Source'": "io.py:4l:compute_message_ids" J

I
{

"Data": {
"gender_raw_WS_correct_dataset": {
"Checked": false,

" H#96",
"GENDER",

"CodelD":" B by Pipeline Auto-Coder",
"DateTimeUTC": "2019-09-25T08:26:15.438337+00:00", "NR"
"Origin": {

"Name": "Pipeline Auto-Coder",
"OriginID": "io.py:266:

"échemelD": " &

}
)
{

}

L
-1 }}

}
{

}

}
{
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I

"Data": {
"gender_coded_WS": {

i "HO5",

ggcejglr;d iefEn " "GENDER",

”Confideﬁce”' o ' "gender_coded_WS by Pipeline Auto-Coder",
o "male"

"DateTimeUTC": "2018-12-03T12:42:27.138Z",
"Origin": {
"Metadata": {},
"Name": "Pipeline Auto-Coder",
"OriginID": "demographic_cleaner.py:28:clean_gender"

_> I ‘}"SchemeID”: " P
}

b
"Metadata": {

"Source": "io.py:259:
}

"Data": {
"gender_coded_WS": {

"Checked": true,

"CodelD": "code-63dcde9a",

"Confidence": 1,

"DateTimeUTC": "2018-12-09T17:24:23.467Z",

"Origin": {
"Name": "Khadija Mohamed",
"OriginID": "khadija@africasvoices.org",
"OriginType": "Manual"

94!
"GENDER",

"operator checks and approves"

b
"SchemelD": "Scheme-12cb6f95"
}

I
"Metadata": {
"Source": "io.py:259:

{

{
"Data": {

"age_raw_WS_correct_dataset": {
"Checked": false,
"CodelD": "SPECIAL-MANUALLY_UNCODED",
"Confidence": 1,
"DateTimeUTC": "2019-03-20T08:19:23.6462Z",
"Origin": {
"Name": "Nasra Ali",
"OriginID": "nasra@africasvoices.org",

"OriginType": "Manual" ol

"age_raw_WS_correct_dataset by N. Ali",

b " "
"SchemelD": "Scheme-fffffcee” SPECIAL-MANUALLY_UNCODED",

"highlight codelD and SchemelD: why was it uncoded?"

T
"Metadata": {
"Source'": "io.py:259:

"Data": {
"have_voice_yes_no_amb_coded_WS": {
"Checked": true,
"CodelD": "code-NC-42f1d983",

HE6"
"have_voice_yes_no_amb_coded_WS by Z. Sheikh",

"Confidence": 1, "NC",
"DateTimeUTC": "2019-09-17T05:50:59.693Z", "why not coded?"
"Origin": {

"Name": "Zakaria Sheikh",
"OriginID": "zakaria.sheikh@africasvoices.org",
"OriginType": "Manual"

"SchemelD": "Scheme-539ec95d"
}
k
"Metadata": {
"Source": "io.py:259: )
"Timestamp": "2019-09-25T08:31:46.050440+00:00",
"User": "alexander@africasvoices.org"

}

"Data": {

"suggestions_coded_WS": [ G5! - #E3"

- autocode suggestion and
" . 1 D - "suggestions_coded_WS by Z. Sheikh",
"gggﬁildDer'wce”'l ! "improve radio stations"

"DateTimeUTC": "2019-09-23T13:50:09.158Z",
"Origin": {
"Name": "Zakaria Sheikh",
"OriginID": "zakaria.sheikh@africasvoices.org",
"OriginType": "Manual"

"Checked": true,

Iy
"SchemelD": " "
}
1

}
"Metadata": {
"Source": "io.py:326:import_coda_2_to_traced_data_iterable_multi_coded"

e
"ws_correction:move_wrong_scheme_messages",
"checks for coding errors, reformats survey updates

for rest of pipeline (e.g. adds raw_source) "

"Metadata": {
"Source": "move_wrong_scheme_messages"

"Data": {
"age_raw": "20",
"age_raw_source": "age_raw",
"age_time": "2019-08-25T09:56:58.914269+00:00",
"gender_raw": "rag",
"gender_raw_source": "gender_raw",
"gender_time'": "2019-08-25T09:55:59.323039+00:00",
"have_voice_raw": "HAGE ",
"have_voice_raw_source": "have_voice_raw",
"have_voice_time": "2019-09-09T08:04:04.401231+00:00",
"in_idp_camp_raw": "MAYA",
"in_idp_camp_raw_source": "in_idp_camp_raw",
"in_idp_camp_time": "2019-08-25T09:57:42.920366+00:00",
"location_raw": "asc bahda istaa AFam waadin salaamay waa cabdi ... ",
"location_raw_source": "location_raw",
"location_time": "2019-08-25T09:52:06.640491+00:00",
"recently_displaced_raw": "maya",
"recently_displaced_raw_source": "recently_displaced_raw",
"recently_displaced_time": "2019-08-25T09:54:55.425793+00:00",
"suggestions_raw": "But she must have a prize herself, you know, said the Mouse\n",
"suggestions_raw_source": "suggestions_raw",
"suggestions_time": "2019-09-09T08:10:07.481562+00:00"

1"

"move_wrong_scheme_messages",
"checks for coding errors, reformats surveys
for rest of pipeline (e.g. adds raw_source) "

h
"Metadata": {
"Source": "ws_correction.py:224:move_wrong_scheme_messages"

2

2

"Metadata": { "#60",

"Source": "move_wrong_scheme_messages" "move_wrong_scheme_messages: hide rga fields"
}
"Data": {

"rga_s04e01_raw": "sir, | do indeed\n",
"rga_s04e01_raw_source": "rga_s04e01_raw",
"sent_on": "2019-08-25T08:32:50.614208+00:00" "H#59",
1, "add rqa fields for episode"
"Metadata": {

"Source'": "move_wrong_scheme_messages"

b
{

}
LR

I
|
I
I
I,
{

!

"Data": { . .
"district_coded": { #58", o
"Checked": false, "district_coded by Pipeline Auto-Coder",
"CodelD": "code-36520d40", "balcad",

"DateTimeUTC": "2019-09-25T08:35:23.596171+00:00", ‘applies cleaner"
"Origin": {

"Name": "Pipeline Auto-Coder",

"OriginID": "/app/src/lib/pipeline_configuration.py:142:<lambda>",

"OriginType": "External"

}
"SchemelD": "Scheme-5292e8fb"

h
"Metadata": {
"Source": "/cleaning_utils.py:70:apply_cleaner_to_traced_data_iterable"

"Data": { P
" d 2 ( d d“: ’ . .
gcegecelzeijc')‘: fi\lse{ "gender_coded by Pipeline Auto-Coder",
"CodelD": " ::g‘a'e"' e .
"DateTimeUTC"; "2019-09-25T08:35:44.050394+00:00", SRYERIIS Ceais]
"Origin": {

"Name": "Pipeline Auto-Coder",
"OriginID": "demographic_cleaner.py:28:clean_gender",
"OriginType": "External"

"échemelD”: " &

}

b

"Metadata": {
"Source": "cleaning_utils.py:70:apply_cleaner_to_traced_data_iterable"

}

-

"Data": { o
"gender_raw_id": "a3e690053061793bb12ad4c32aace5856f5..." #51",

b "gender_raw_id"
"Metadata": {

"Source': "io.py:4l:compute_message_ids"

}

"gender_raw_WS_correct_dataset

"gender_coded_WS by K. Mohamed",

AVF uses the software Rapid-
Pro to conduct automated
guestion response interviews
(runs) with radio show listen-
ers. Using a self written
client, they extract the data
from RapidPro. This data is
the starting point of the
pipeline. The script “con-
vert_runs_to_traced_data”
generated the internal repre-
sentation and working
object; the traced data object

def import_coda_2_to_traced_data_iterable(cls, user, data, message_id_key, scheme_key_map, f=None):

Codes keys in an iterable of TracedData objects by using the codes from a Coda 2 messages JSON file.

Data which is has not been checked in the Coda file is coded using the provided nr_label
(irrespective of whether there was an automatic code there before).

TODO: Data which has been assigned a code under one scheme but none of the others needs to coded as NC not NR
TODO: Or, do this in Coda so as to remove ambiguity from the perspective of the RAs?

:param user: Identifier of user running this program.

:type user: str

:param data: TracedData objects to be coded using the Coda file.

itype data: iterable of TracedData

:param message_id_key: Key in TracedData objects of the message ids.

:type message_id_key: str

:param scheme_key_map: Dictionary of (key in TracedData objects to assign labels to) —>
(Scheme in the Coda messages file to retrieve the labels from)

:type scheme_key_map: dict of str —> Scheme

:param f: Coda data file to import codes from, or None.

itype f: file-like | None

if f is None:
f = cls._make_empty_file()

# Build a lookup table of MessageID -> SchemeID -> Labels
coda_dataset = cls._dataset_lut_from_messages_file(f, scheme_key_map.values())

# Filter out TracedData objects that do not contain a message id key
data = [td for td in data if message_id_key in td]

# Apply the labels from Coda to each TracedData item in data
for td in data:
for key_of_coded, scheme in scheme_key_map.items():
# Get labels for this (message id, scheme id) from the look-up table
labels = coda_dataset.get(td[message_id_key], dict()).get(scheme.scheme_id, [])
if labels is not None:
# Append each label that was assigned to this message for this scheme to the TracedData.
for label in reversed(labels):
td.append_data({key_of_coded: label.to_dict()},
Metadata(user, Metadata.get_call_location(), TimeUtils.utc_now_as_iso_string()))

# If this td still has no label after importing from the Coda file, or the label is a non-missing label
# that hasn't been checked in the Coda UI, set a code for NOT_REVIEWED
if key_of_coded not in td or not td[key_of_coded] ["Checked"]:
nr_label = CleaningUtils.make_label_from_cleaner_code(
scheme, scheme.get_code_with_control_code(Codes.NOT_REVIEWED),
Metadata.get_call_location()
)
td.append_data(
{key_of_coded: nr_label.to_dict()},
Metadata(user, Metadata.get_call_location(), time.time())

A common - if not the main - step is to label the
answers of individuals. This assignes the answer and
thus the individual to a predefined group (e.g.
Gender - male). This labeling is conducted with
assigning a ,which is predefined for each
project, to the key. The codelD encodes the value of
the group the raw value is assigned to.
"#104",
"location_raw_WS_correct_dataset by Pipeline Auto-Coder",
e
"#103",
"mogadishu_sub_district_coded_WS by Pipeline Auto-Coder",
i
"#102",
"district_coded_WS by Pipeline Auto-Coder",
"district => balcad"
"#101",
"district_coded_WS by F.D. Mohammed",
"district => belet xaawo"
"#100",
"region_coded_WS by Pipeline Auto-Coder",
el
#99",
"state_coded_WS by Pipeline Auto-Coder",
at
"#98",

"zone_coded by Pipeline Auto-Coder",
INR"

Each attribute is first prepro-
cessed and then coded by a
automated pipeline script.
After this, the coding always
gets checked by a human
and possibly corrected.

The “import_coda_2_to_trace_data_iterable” function
writes the coding that is conducted in the frontend
by a human labeler to the TracedDataObject; more
specifically to the corresponding key. Sample code
schemes can be seen in the blue boxes

"#93"
"age_raw_id_WS"

gD
"age_raw_WS_correct_dataset by N. Ali",
"age"

"#90" - "#67",
- autocoding and verification of age,
recently_displaced, in_idp_camp,
- autocoding of have voice raw

def apply_cleaner_to_traced_data_iterable(cls, user, data, raw_key, clean_key, cleaner, scheme):

Applies a cleaning function to an iterable of TracedData objects, updating each with a new Label object.

:param user: Identifier of the user running this program, for TracedData Metadata.
type user: str

:param data: TracedData objects to apply the cleaner to.

:type data: iterable of TracedData

:param raw_key: Key in each TracedData object of the raw text to be cleaned.

type raw_key: str

:param clean_key: Key in each TracedData object to write cleaned labels to.

:type clean_key: str

:param cleaner: Cleaning function to apply to each TracedDatal' raw_key'].

itype cleaner: function of str — str

:param scheme: Scheme containing codes which the strings returned from the ‘cleaner’ can be matched against.
:type scheme: Scheme

for td in data:
# Skip data that isn't present
if raw_key not in td:
continue
clean_value = cleaner(td[raw_keyl)
# Don't label data which the cleaners couldn't code
if clean_value == Codes.NOT_CODED:
continue
# Construct a label for the clean_value returned by the cleaner
code_id = scheme.get_code_with_match_value(clean_value)
origin_id = Metadata.get_function_location(cleaner)

label = cls.make_label_from_cleaner_code(scheme, code_id, origin_id)

td.append_data({clean_key: label.to_dict()}, Metadata(user, Metadata.get_call_location(), time.time()))

During labeling process labels have to be unified and
adjusted to the coding standards. This is taken care of
by cleaner functions.

class DemographicCleaner(object):
@staticmethod
def clean_gender(text):

Converts a string describing gender to either male, female, or Codes.NOT_CODED.
iparam text: Text to be cleaned.
treturn: Codes.MALE if male, Codes.FEMALE if female, or Codes.NOT_CODED if the gender could not automatically be

identified.

text = text.lower()

if text == "m" or text == "male" or text == "man":
return Codes.MALE

elif text == "f" or text == "female" or text == "woman":
return Codes.FEMALE

else:

return Codes.NOT_CODED

"#56" - "#54",

- applies cleaner to age_coded, recently displaced, in_idp_camp with autocoder
"#53" - "#52"

- adding location_raw_id
"#50" - "#46",

“age_raw_id, recently_displaced_raw_id, in_idp_camp, have_voice_raw._id

Pipeline
Scripts

scheme adjustment

Pipeline
Scripts

control flow coding

Pipeline

Scripts

Aggregate location
object

Pipeline

Scripts
Check cons

Pipeline

Scripts
Merging

istency

"Data" { 45
"r{qa_sO4eO1_coded": [ "rqa_s04e01_coded by F. D. Mohammed'",
NG
"Checked": true,
"CodelD" "

"Confidence": 1,

"DateTimeUTC": "2019-09-03T06:50:31.718Z",

"Origin": {
"Name": "Fatima Dahir Mohammed?,
"OriginID": "fatima@africasvoices.org",
"OriginType": "Manual"

13
"SchemelD": "Scheme-eb6d805e"
}
]

L
"Metadata": {
"Source": "io.py:326:import_coda_2_to_traced_data_iterable_multi_coded"
}
}

"Data": {
"rqa_s04e01_raw_correct_dataset": { i 0

"Checked" false, ”bNyRE’lpellne Auto-Coder",
"CodelD": "code-NR-5e3eee23",
"DateTimeUTC": "2019-09-25T08:38:37.861217+00:00",
"Origin": {

"Name": "Pipeline Auto-Coder",

"OriginID": "io.py:266:

"OriginType": "External"

v
"rga_s04e01_raw_correct_dataset

)
"SchemelD": "Scheme-fffffc6e"

L

"Metadata": {
"Source": "io.py:270: o
"Timestamp": 1569400717.8614702,
"User": "alexander@africasvoices.org"

}

}
{-}
{

"Data": { "H#36",
"gender_coded": { "gender_coded by Pipeline Auto-Coder",
"Checked": false, "male"
"CodelD": "code-63dcde9a",
"Confidence": O,
"DateTimeUTC": "2018-12-03T12:42:27.138Z",
"Origin": {
"Metadata": {},
"Name": "Pipeline Auto-Coder",
"OriginID": "demographic_cleaner.py:28:clean_gender",
"OriginType": "External"

)
"SchemelD": "Scheme-12cb6f95"

1
"Metadata": {
"Source": "io.py:259: p

«—
—>

"Data": {
"gender_coded": {
"Checked": true,
"CodelD": "code-63dcde9a",
"Confidence": 1,
"DateTimeUTC": "2018-12-09T17:24:23.467Z",
"Origin": {
"Name": "Khadija Mohamed",
"OriginID": "khadija@africasvoices.org",
"OriginType": "Manual"
) "#35",
"SchemelD": "Scheme-12cb6f95" "gender_coded by K. Mohammed",
} "checks and approves"

L
"Metadata": {
"Source": "io.py:259: 2
}
h

"Data": {
"gender_raw_correct_dataset": {

"Checked": false,

"CodelD": "code-NR-5e3eee23",

"DateTimeUTC": "2019-09-25T08:40:42.240354+00:00",

"Origin": {
"Name": "Pipeline Auto-Coder",
"OriginID": "io.py:266:import_coda_2_to_traced_data_iterable",
"OriginType": "External"

—

: "I
"SchemelD": "Scheme-fffffcee" "gender_raw_correct_dataset
} by Pipeline Auto-Coder",
L INR"
"Metadata": {
"Source": "io.py:270 L
}
3 —
"rga_s04e02_coded by Pipeline Auto-Coder",
"Data": { "NAY,

"rga_s04e02_coded": [ "apply manual codes"
{
"Checked": false,
"CodelD": "code-NA-f93d3eb7",
"DateTimeUTC": "2019-09-25T08:43:01.126889+00:00",
"Origin": {
"Name": "Pipeline Auto-Coder",
"OriginID" " apply_manual_codes.py:121:apply_manual_codes",
"OriginType": "External"

h
"SchemelD": "Scheme-4a52f65b"

]

Iy
"Metadata": {
"Source": "apply_manual_codes"
}
h
"Data": {

"district_coded": {
"Checked": false,
"CodelD": "code-97060a6b",
"DateTimeUTC": "2019-09-25T08:43:46.386086+00:00",
"Origin": { e
"Name": "Pipeline Auto-Coder", !
"OriginID": “..",
"OriginType": "External"

"impute somalia location codes for
district, mogadishu-sub-district,
region, state, zone",

"takes all previous coded geographic
information and puts them into

1 P
"mogadishu_sub_district_coded": { Ryelebise:

"Checked": false,
"CodelD": "code-NC-42f1d983",
"DateTimeUTC": "2019-09-25T08:43:46.385823+00:00",
"Origin": {
"Name": "Pipeline Auto-Coder",
"OriginID": "impute_somalia_location_codes",
"OriginType": "External"

"échemel D" "Scheme-5292e8fb"

"SchemelD": "Scheme-07dfc611"
’ 1
"region_coded": {
"Checked": false,
"CodelD": "code-000c5297",
"DateTimeUTC": "2019-09-25T08:43:46.386333+00:00",
"Origin": {
"Name": "Pipeline Auto-Coder",
"OriginID": "impute_somalia_location_codes",
"OriginType": "External"

"SchemelD": "Scheme-644e3296"
"state_coded": {

"Checked": false,

"CodelD": "code-Oalaaafb",

"DateTimeUTC": "2019-09-25T08:43:46.386577+00:00",

"Origin': {
"Name": "Pipeline Auto-Coder",
"OriginID": "impute_somalia_location_codes",
"OriginType": "External"

"SchemelD": "Scheme-a390e6ce"
"zone_coded": {

"Checked": false,

"CodelD": "code-dc3483fa",

"DateTimeUTC": "2019-09-25T08:43:46.386821+00:00",

"Origin': {
"Name": "Pipeline Auto-Coder",
"OriginID": "impute_somalia_location_codes",
"OriginType": "External"

"’Schemel D" "Scheme-b8ce44fb"
}

b
"Metadata": {
"Source": "impute_somalia_location_codes"
}
b

"Metadata": { "H#5",
"Source": " _impute_coding_error_codes" "impute coding error codes",
"does not change data"

e

h

"Data" { 4T
"consent_withdrawn": "false" "consent_withdrawn"

b

"Metadata": {
"Source": "/fapp/src/analysis_file.py:103:generate"

}

},
{

"Data": {
"age": "20", "H3",
"district"; "belet xaawo", "aggregates all information"
"gender": "male",
"have_voice_yes_no_amb": "NC",
"in_idp_camp": "no",
"operator": "hormud",
"recently_displaced": "no",
"region": "gedo",
"rgqa_s04e01_CE" "0",
"rqa_s04e01_NA":"0",
"rga_s04e01_NC" "1",
"rqa_s04e01_NGOs_to_be_accountable_participatory": "0",
"rga_s04e01_NIC" "0",
"rgqa_s04e01_NR": "0",
"rgqa_s04e01_NS" "0",
"rga_s04e01_STOP": "0",
"rga_s04e01_WS": "0",
"rga_s04e01_access_to_water" "0",
"rqa_s04e01_build_resilience_to_drought": "0",
"rga_s04e0l_community_organisation': "0",
"rga_s04e01_cooperation_between_government_and_NGOs": "0",
"rqa_s04e0l_cooperation_between_government_and_people": "0",
"rga_s04e0l_economic_development": "0",
"rqa_sO4e0l_education": "0",
"rga_s04e01_farming_support": "0",
"rga_s04e01_food_nutrition": "0",
"rgqa_s04e01_good_governance": "0",
"rqa_s04e0l_greeting": "0",
"rqa_s04e01_health_services": "0",
"rqa_s04e01_hygiene": "0",
"rga_s04e0l_information": "0",
"rga_s04e01_job_creation": "0",
"rgqa_s04e01_opt_in": "0",
"rqa_s04e0l_other": "0",
"rqa_s04e0l_peace_and_security": "0",
"rqa_s04e01_protection_of_rights": "0",
"rga_s04e01_push_back": "0",
"rga_s04e0l_question": "0",
"rga_s04e0l_religion": "0",
"rqa_s04e0l_return_and_resettlement_of_IDPs": "0",
"rqa_s04e0l_shelter": "0",
"rga_s04e0l_showtime_guestion": "0",
"rqa_s04e01_stop_aid_dependency": "0",
"rgqa_s04e01_stop_clannism": "0",
"rqa_s04e01_support_for_IDPs": "0",
"rqa_s04e01_support_to_the_poor": "0",
"rga_s04e02_CE": "0",
"rga_s04e02_NA""1",
"rgqa_s04e02_NC": "0",
"rgqa_s04e02_NGOs_to_be_accountable_and_transparent": "0",
"rga_s04e02_NIC": "0",
"rga_s04e02_NR": "0",
"rga_s04e02_NS":"0",
"rga_s04e02_STOP": "0",
"rgqa_s04e02_WS": "0",
"rqa_s04e02_access_to_water": "0",
"rqa_s04e02_cooperation_between_NGOs_people_government": "0",
"rga_s04e02_economic_development": "0",
"rqa_s04e02_education": "0",
"rga_s04e02_food_nutrition": "0",
"rga_s04e02_government_stability": "0",
"rqa_s04e02_greeting": "0",
"rqga_s04e02_health_services": "0",
"rga_s04e02_information": "0",
"rqa_s04e02_job_creation": "0",
"rgqa_s04e02_opt_in": "0",
"rgqa_s04e02_other": "0",
"rqa_s04e02_peace_and_security": "0",
"rqa_s04e02_push_back": "0",
"rga_s04e02_question": "0",
"rqa_s04e02_resettlement_and_return_for_IDPs": "0",
"rga_s04e02_shelter": "0",
"rga_s04e02_showtime_question": "0",
"rqa_s04e02_stop_aid_dependency": "0",
"rqa_s04e02_support_for_agriculture": "0",
"rqa_s04e02_support_the_poor_IDPs'": "0",
"state": "jubbaland",
"suggestions_CE": "0",
"suggestions_NA": "0",
"suggestions_NC": "0",
"suggestions_NIC": "0",
"suggestions_NR": "0",
"suggestions_NS" "0",
"suggestions_STOP": "0",
"suggestions_WS": "0",
"suggestions_avoid_political_content": "0",
"suggestions_consistent_radio_shows": "0",
'suggestions_greeting": "0",
"suggestions_honesty_from_radio_broadcast": "0",
"suggestions_improve_quality_of_hage": "0",
"suggestions_improve_radio_stations": "1",
"suggestions_improved_participation": "0",
"suggestions_increase_frequency_of_shows": "0",
"suggestions_more_religious_messaging': "0",
"suggestions_opt_in": "0",
"suggestions_other": "0",
"suggestions_push_back": "0",
"suggestions_question": "0",
"suggestions_showtime_question": "0",

—

"zone": "scz"
}"Metadata”: {
"Source": "/app/src/analysis_file.py:165:generate”
}'}
"Data": { H2"

"rga_s04e01_NA": "0" "rga_s04e01_NA",
I3 "196:generate not in analysis_file in OCHA project?"
"Metadata": {

"Source": "fapp/src/analysis_file.py:196:generate”
}

},

"Data": {
"rga_s04e01_NC" "1" oty

b "rga_s04e01_NC"
"Metadata": {

"Source": "fapp/src/analysis_file.py:205:generate”

I}
"Data": {
" ti NA™ 10"
suggestions_ o
"}\Aetadata"‘{ "suggestions_NA"
"Source": "/fapp/src/analysis_file.py196:generate"
}
}

"H43" - "#37",
“mogadishu_sub_disctrict_coded
(NR), district_coded(balcad), region_coded,
state coded by autocoder
"disctrict_coded (belet xaawo)
by F.D Mohammed"

As it can be seen, the gender_coded objects
appear two times in the pipeline. The only differ-
ence is, that the suffix “_WS" is not present in this
second occurence. Otherwise, the objects are
exactly the same. We know that WS stands for
‘wrong scheme” and therefore assume that by
default every attribute coding is conducted with
an assumption of applying the wrong scheme.
Later on the scheme is checked again, which can
be seen in step #44, and the correct dataset is
coded like every other attribute.

It appears that this step was conducted one year
after the initial coding as can be seen in the
timestamps that have been logged within the
objects.

3 _g
“age coding and encoding, fixing errors, with automative coding

7Y g
“in idp camp coded (human): no, checked again

"have voice raw (pipeline encoder): not coded
“suggestions_coded (human): improve radio stations”

The individuals pipeline as it is unfolded here, is
created in the last step of the pipeline. Where
previously during processing steps, every flow
is treated and labeled separately, the folding
algorithm in the analysis file generat function
folds the analysis of every flow that belongs to
a single individuum and creates this long indi-
viduals object.

def generate(cls, user, data, csv_by_message_output_path, csv_by_individual_output_path):
# Serializer is currently overflowing
# TODO: Investigate/address the cause of this.
# sys.setrecursionlimit(15000)

# Set consent withdrawn based on presence of data coded as "stop"

consent_withdrawn_key = "consent_withdrawn"

ConsentUtils.determine_consent_withdrawn(
user, data, PipelineConfiguration.RQA_CODING_PLANS + PipelineConfiguration.SURVEY_CODING_PLANS,
consent_withdrawn_key

)

# Set the list of keys to be exported and how they are to be handled when folding
fold_strategies = Ordereddict()

fold_strategies["uid"] = FoldStrategies.assert_equal
fold_strategies[consent_withdrawn_key] = FoldStrategies.boolean_or

export_keys = ["uid", consent_withdrawn_key]

for plan in PipelineConfiguration.RQA_CODING_PLANS + PipelineConfiguration.SURVEY_CODING_PLANS:
for cc in plan.coding_configurations:
if cc.analysis_file_key is None:
continue

if cc.coding_mode == CodingModes.SINGLE:
export_keys.append(cc.analysis_file_key)
else:
assert cc.coding_mode == CodingModes.MULTIPLE
for code in cc.code_scheme.codes:
export_keys.append(f"{cc.analysis_file_key}{code.string_value}")

fold_strategies [cc.coded_field] = cc.fold_strategy

export_keys.append(plan.raw_field)
fold_strategies[plan.raw_field] = plan.raw_field_fold_strategy

# Fold data to have one respondent per row

to_be_folded = []

for td in data:
to_be_folded.append(td.copy())

folded_data = FoldTracedData.fold_iterable_of_traced_data(
user, to_be_folded, lambda td: td["uid"], fold_strategies
)

cls.export_to_csv(user, data, csv_by_message_output_path, export_keys, consent_withdrawn_key)
cls.export_to_csv(user, folded_data, csv_by_individual_output_path, export_keys, consent_withdrawn_key)

return data, folded_data

if _name_ == "_main_":
parser = argparse.ArgunentParser(description="Runs the post-fetch phase of the pipeline")

parser.add_argunent(“user", help="User launching this program*)
parser.add_argunent("google_cloud_credentials_file_path", metavar="google-cloud-credentials—file-path",
help="Path to a Google Cloud service account credentials file to use to access the "
“credentials bucket")
parser.add_argunent ("pipeline_configuration_file_path", metavar="pipeline-configuration-file",
help="Path to the pipeline configuration json file")

parser.add_argunent ("raw_data_dir", metavar="raw-data-dir",
help="Path to a directory containing the raw data files exported by fetch_raw_data.py")
parser.add_argunent ("prev_coded_dir_path", metavar="prev-coded-dir-path",
help="Directory containing Coda files generated by a previous run of this pipeline. "
“New data will be appended to these files.")

parser.add_argument ("messages_json_output_path", metavar="messages-json-output-path",
help="Path to a JSONL file to write the TracedData associated with the messages analysis file")
parser.add_argunent ("individuals_json_output_path", metavar="individuals-json-output-path",
help="Path to a JSONL file to write the TracedData associated with the individuals analysis file")
parser.add_argunent("icr_output_dir", metavar="icr-output-dir",
help="Directory to write CSV files to, each containing 200 messages and message ids for use "
“in inter-code reliability evaluation"),
parser.add_argunent ("coded_dir_path", metavar="coded-dir-path",
help="Directory to write coded Coda files to")
parser.add_argument ("csv_by_message_output_path", metavar="csv-by-message-output-path",
help="Analysis dataset where messages are the unit for analysis (i.e. one message per row)")
parser.add_argunent ("csv_by_individual_output_path", metavar="csv-by-individual-output-path”,
help="Analysis dataset where respondents are the unit for analysis (i.e. one respondent "
“per row, with all their messages joined into a single cell)")
parser.add_argument ("production_csv_output_path", metavar="production-csv-output-path",
help="Path to a CSV file to write raw message and demographic responses to, for use in "
“radio show production”),

log. info("Generating Analysis CSVs...")

messages_data, individuals_data = AnalysisFile.generate(user, data, csv_by_message_output_path,
csv_by_individual_output_path)

log.info("Writing messages TracedData to file...")

T0Utils.ensure_dirs_exist_for_file(messages_json_output_path)

with open(messages_json_output_path, "w") as f:
TracedDataJsonI0.export_traced_data_iterable_to_jsonl(messages_data, f)

log. info("Writing individuals TracedData to file...")
T0Utils.ensure_dirs_exist_for_file(individuals_json_output_path)

with open(individuals_json_output_path, "w") as f:
TracedDataJsonI0.export_traced_data_iterable_to_jsonl(individuals_data, f)

The data object analysed on this sheet can be
found in the individuals_data json file that is
generated with the AnalysisFile.generate()
function.




